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Ozone (ppbv)

Co-location calibration is a process ...
Minimize bias & Extrapolate with extreme caution
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Can O, sensors be used to help site regulatory
ozone monitors?

e Can sensors find hot (or cold) spots for
ambient O; between regulatory monitoring )
stations? g

* What spatial (and temporal) scale do we
observe O; concentration differences?

* Do trees impact O; concentration?

* How much traffic does it take on a roadway
to impact O, concentration?

* Does local industry impact O, concentration?



How do we design an experiment?
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O, in Riverside during the summer 2015

spatial scale from 1 to 10 km
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Since O, has a nice daily cycle, we should look
at the data thru the time of day lens ...

Deployment vs calibration differences for ozone
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O, in and around Boulder during summer 2015

spatial scale from 10 m to 10 km
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Still observe diurnal differences at South

Boulder Creek on scale of 10s of meters
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Depending on site and time averaging, O,
statistics can be different
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Back to SoCal (South LA) during summer 2017

Neighborhood Sites
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Collier-Oxandale, A, Coffey, E, Thorson, J, Johnston, J, Hannigan, MP. Comparing Building and Neighborhood-Scale Variability of
C0O2 and 03 to Inform Deployment Considerations for Low-Cost Sensor System Use, Sensors, 18, 1349, 2018.



Sensors can see neighborhood scale variability
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Can sensors see building scale spatial variability?
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B85 O, (ppb)

What’s driving this small scale variability?
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